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ABSTRACT: A new blind assessment algorithm was put forward for Gaussian Blur. This method selected Gaussian Blur
images from an authorized image library, extracted the gradient and conducted Fast Fourier Transform (FFT) and then got
a frequency spectrum. It then calculated the initial image, the gradient image and the frequency spectrum, and extracted
the edge intensity, the variance and the information entropy as characteristic vectors of each image. GRNN (characteristic
vector) was used to build the blur image quality evaluation model which could input characteristic vector and output the
calculated Different Mean Opinion Scores (DMOS). Compared with other common algorithms, this method had relatively
higher Spearman’s rank correlation coefficient (SROCC) at 0.9086 and Pearson linear correlation coefficient (PLCC) at
0.9033. The results of the calculation, which utilizes the blur image, set of CSIQ and LIVE database in the Matlab envi-
ronment indicates the calculated DMOS with the new algorithm has high similarity with the DMOS of subjective judg-
ment and is nearly close to human visual judgment.
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Fig.1 Original image and gradient image through Sobel operator
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Fig.2 Images and their Fourier spectrum
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160~
1401 Y "
120+ A% :.
B 100 3 PA R . Y
H g0l BT R Py i LY Py e
SRR A TR A VA T B N AL W R A AL PN
S RTAAVA TR R A R U R N SR T A AT A T P e
R o, Bl W LR TR S L T A I I
20 i iy & m 1 d-iﬁi b ﬁ.‘ v oy ] “ el L
4 é % 'l - ® o " ) b
0 50 100 150
FRNESEES
P4 I e 15O i i

Fig.4 Test images and the edge intensity
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