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An Improved Method of Low-Dimensional Representation of Images

ZENG Bu-qu
(Huanghuai University, Zhumadian 463000, China)

ABSTRACT: The work aims to solve the problem that the existing solutions either require manually specified landmarks
for corresponding points in the images, or are restricted to specific objects or shape deformations. A low-dimensional re-
presentation of images for simultaneously recovering color, appearance and shape was proposed. The proposed algorithm
further reduced sample complexity of manifold learning as the manifolds of shape and appearance were restricted to
low-dimensional subspaces. The proposed method significantly outperformed the current typical methods of robust optical

flow and SIFT flow. Our qualitative results in some related tasks such as image deformation and joint learning are en-

couraging.
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Fig.1 Image morphological transition with different algorithms used
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