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ABSTRACT: The work aims to propose an image inpainting algorithm based on priority improvement and matching op-
timization measurement, with respect to the problem that the current image inpainting algorithm achieves the matching
measurement between repair block and matching block to complete the image restoration mainly by the fixed single tem-
plate size, thus causing such deficiencies as certain blurring effect and ringing effect. First, the smoothing factor was con-
structed by the data item, the priority model was established to measure the priority of the pixel to be repaired, and the
priority repair block was selected. Then, the four level template size was formulated. By means of square error and func-
tions, combined with the template size characteristics, the matching measurement model was constructed to achieve the
dynamic matching of repair block and matching block. The best matching template was selected to fill and restore
the block to be repaired. Finally, the neighborhood gray differential model was constructed by the gray of the pixels to be
restored and their neighborhood pixels, which could be used to stitch the edges of the repaired region and optimize the
restoration effect. With the best matching measure, a confidence updating model was constructed to update the confidence
item and realize the image restoration. The simulation results showed that, compared with the current image inpainting
algorithm, the proposed algorithm had higher inpainting quality, and its output image was subject to no blurring effect and
ringing effect. The proposed algorithm can better restore the damaged image and it has certain reference value in the field
of image information processing.
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Fig.1 Process of image restoration algorithm in this paper
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Fig.2 Select a sketch map of the priority repair block
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Fig.4 Repair results of Figure 2b under different template sizes
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Fig.7 Repair effect of four algorithms on damaged gray image
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