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Dynamic Picking Strategy Design and Path Optimization of Two-block Warehouse

SUN Jun-yan, NIU Ya-ru, SU Bao, ZHANG Yuan-yuan
(College of Mechanical & Electrical Engineering, Shaanxi University of Science & Technology, Xi'an 710021, China)

ABSTRACT: The work aims to construct the mathematical model for the two-block warehouse with the shortest picking
time as the objective function to further improve the picking efficiency. A dynamic picking strategy for dynamic cargo
space adjustment and manual picking was proposed and designed. The GA algorithm and the GASA algorithm were re-
spectively used to optimize the solution. The GASA algorithm was better than the GA algorithm. The picking
time could be reduced by 4% in the case of one picking order. Compared with the static picking strategy, in the case of 10
picking orders, when the GASA algorithm was used, the picking time under the dynamic picking strategy designed here-
in could be reduced by 6%, and as the number of picking orders increased, more picking time would be saved. The GASA
algorithm is more efficient and better optimized than the GA algorithm for solving the problem of dynamic picking path
optimization. The proposed dynamic picking strategy can be implemented more conveniently. On the basis of static pick-
ing path optimization, the picking efficiency can be further improved, and the more the picking orders, the more signifi-
cant the effect.
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Fig.1 Two-block warehouse plan
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Fig.2 Dynamic cargo space adjustment flow chart
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Fig.4 Picking path
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