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Image Copy-move Forgery Detection Algorithm Based on Harris Operator
Coupling Intensity Feature

WEN Jie*, XIAO Ning®

(1.School of Information Engineering, Wuhan business University, Wuhan 430056, China;
2.School of Information Management, Shanxi University of Finance and Economics, Taiyuan 030006, China)

ABSTRACT: The work aims to design an image copy-move forgery detection algorithm based on Harris operator coupl-
ing intensity to solve the problem that most existing copy-and-paste tamper detection algorithms mainly rely on measuring
the structural characteristics of the image to achieve tamper detection, thus ignoring the image strength characteristics,
making the algorithm can not adapt to rotation and other tamper detection methods, resulting in the detection results of
leakage detection and error detection. The Harris operator was used to extract the feature points accurately. A circular
feature region was constructed by feature points, and the Zernike moments of the region were obtained. The feature points
were described by the size of the Zernike moments. Zernike moments of different orders were used to describe the inten-
sity and texture features of the image. The matching model was constructed by the size of Zernike moments of different
orders to roughly match the image features. The RANSAC method was introduced to further realize the precise matching
of image features. The feature area was connected by morphological corrosion and expansion operation to determine the
tampering area. From the experimental results, the proposed algorithm had high detection accuracy and roughness and still
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had better detection results under the noise and rotation, compared with the existing image forgery detection scheme. The
proposed technique possesses high forgery detection accuracy and has certain reference value in the fields of image wa-

termarking and information security.
KEY WORDS: image forgery detection; copy-move; Harris operator; Zernike moment; intensity feature; RANSAC me-
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