41 13
2020 7 PACKAGING ENGINEERING -26-

ERABEERY S E0 % T4 14 E 3 i

BIRE, w=FE, Gk

550005

WE: Be) TERBABSHEZTAFNFERDMOELIAR, ATFTLFERSRREAMNZEZHEELR

Bh, ik RABAEARRERAREG P FERGSLEEG, FRRESABR KGRI LHE; B

RESRYEENFEEST BTG ST 4, K TR E 3 S TN FERTEMLE

%%4\%&% TR AR R KRS YR 256 A KETIRINT 12 ANk K AE A SRR
, HERIAT S ALERD TR GE/7205; ATHEREE T S TEEE )TN AR LA K

IF e B AR (Re=0.804, Rcn=0.665% ) FaFml it 4t ( Rp=0.859, Rpn=0.413%), % AR L L ER

TAKE B ASERMNERMERET, TULUHLEZREREEK,

XEEE: ShiEalL; ER; TEAREABYHALSE; FoLEEE; LB

hESE S TB255.7 XEARIRAE: A XEHS: 1001-3563(2020)13-0026-05

DOI: 10.19554/j.cnki.1001-3563.2020.13.004

Prediction for Soluble Solids Content of Apples Based on Multi Linear Regression

MENG Qing-long, SHANG Jing, ZHANG Yan
(Guiyang University, Guiyang 550005, China)

ABSTRACT: Soluble solids content is an important index to evaluate apple quality. The works aims to provide theoreti-
cal basis for the development of detection equipment for rapidly predicting apple quality. The hyperspectral image acqui-
sition system was used to collect hyperspectral images of "Fuji" apples and obtain the reflectance spectra in the regions of
interest. The successive projection algorithm was used for the dimensionality reduction of the reflectance spectra subject
to standard normal variation preprocessing. The multi linear regression model was established based on selected characte-
ristic wavelengths to predict soluble solids content of apples. The results showed that 12 wavelengths as characteristic
spectra were extracted by successive projection algorithm from 256 full spectra, and the working efficiency of multi linear
regression prediction model was obviously improved. The multi linear regression model based on characteristic spectra
had better calibration ability (Rc=0.804, Rc,,=0.665%) and prediction ability (Rp=0.859, Rp,=0.413%). The prediction
model established in this study for detection of soluble solids content of apples has stable properties and can meet the re-
quirements of practical application.
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