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Emotional Design Based on Deep Learning

WANG Xiao-hui, QIN Jing-yan
(University of Science and Technology Beijing, Beijing 100083, China)

ABSTRACT: It applies deep learning methods to the emotional design, to meet the personalized emotional needs of users,
to accelerate the traditional design process and to enhance the user experience. It studies the deep learning algorithms that
can be used for emotional design. First, Convolutional Neural Network is adopted to realize the automatic generation of
personalized replicas of famous paintings. Then, we crawl the Internet data and use LSTM model to analyze the user
needs and design the current popular game peripheral products. Finally, taking the tourism souvenir design of Changyu
winery as an example, the deep learning methods are used to recommend personalized packaging based on user's personal
information and behavioral data. CNN based automatic generation of personalized replicas of famous paintings provides
massive styles for image modification and meets the personalized emotional needs of users. LSTM based user needs
analysis efficiently and accurately reflects the user's real needs and accelerates the traditional user research process. Deep
learning based personalized design of tourist souvenirs further enhances the user experience. The application of deep
learning in the emotional design is conducive to mine the user's real needs, greatly reduces labor costs, meets the user's
emotional appeal and enhances the user experience. It provides practical methods for interdisciplinary research of com-
puter science and design.
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Fig.1 The automatic generation of images with Vienna Secession style
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Fig.2 The automatic generation of images with van Gogh style
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Fig.3 Wine making process experience based on virtual reality
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