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Construction Method and Application of Personas Based on Big Data
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ABSTRACT: The work aims to acquire accurate user portraits at the initial stage of product development with the big
data environment as the research basis, and optimize its construction methods. Based on the three-level theoretical
framework of the qualitative and quantitative comprehensive integration method, the multi-modal user data of online so-
cial platforms were firstly mined through quantitative research and text analysis to extract the user attributes with high
impact. Secondly, fuzzy c-mean clustering algorithm (FCM algorithm) was used to cluster and analyze the user attributes,
and several types of user attributes were obtained. The prototype was used as the dimension frame to construct the por-
trait, and the sample users were investigated through the offline qualitative research method to explore the deep-level
demand motivation. Eventually, several types of user portrait prototypes were built. Taking the mobile phone camera
photo behavior research project of young Chinese users as an example, the user's photo-related comment information is
obtained through the public data on online data platform and e-commerce platform, and text mining and analysis is carried
out. The analyzed data is extracted, clustered and qualitatively studied to obtain three kinds of user portrait models of
different photo types.
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Fig.1 Persona obtained through three-level theory
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Fig.4 Construction flow of the persona
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Tab.2 Results collected by user attributes scale (partial data)
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Tab.3 Clustering prototype matrix center (partial data, to one decimal place)
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