Ha4t M6 M % T R
20234 8 A PACKAGING ENGINEERING 59

BT RS MR BT R B HT 5

RiFk", Piasks, TiH®
(LTl R a N TR RES BRI #b b 2SS ZARBI#Be, Kt 300132)

WE. B8 AZNEMAMTBELE R P HERABGHEER, RH5EMANT LEitxE, REATEAE
F 3 Gk EMAN B ERT R ik K EMRRAEE R FRIERESE, A TR 6 R
HoRA R P RIATG Z A B ARIF S T B K, FE) AR E AR T, FRAE LR AR T
KRR AR BAFTY F 0T G e KB R kAT AR AR H ZHAT AR, £
HEMPHEERBAF, R AEDADYZ AR S, B AL T Stable diffusion £ A 44 A F= B 12
B AR T EFRN AR P HERE RS RIGHEMANY LR, F Tk AEART R0 m¥ 4+
A, % B REIIRIE, TR F A TR, AT ERMSESA P ERBARNG EMANT Z, BRI
BEMAYGY Rk E, FERitaE,

KB : EMAMTE; BEAEm; APHER; RAEFT; LAARBIL

hESHES: TB472 XEkARIRAE: A XEHS: 1001-3563(2023)16-0059-08

DOI: 10.19554/j.cnki.1001-3563.2023.16.007

Generation and Design of Virtual Characters Based on Deep L earning
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ABSTRACT: The work aims to propose a method of virtual character generation based on deep learning method, in order
to achieve the matching of virtual character and users emotional preference and improve the efficiency of virtual charac-
ter design. Firstly, relevant style images were collected and a dataset was created for fine-tuning the initial model. Then,
the user's emotional preferences and detail requirements for the virtual character were determined to get the text cue
words required for generation. Next, the target image was generated iteratively by text generation and the images in con-
formity with the requirements were screened initially. Finally, the character was locally optimized and adjusted through
image generation to make it meet the users' emotional objectives. With the virtual character as the research object, both
text and image generation methods based on the Stable diffusion model were used to obtain virtual character products
conforming to users' emotional needs and preferences, and could quickly adjust the detailed features of the character. The
proposed method is verified to be able to generate high-quality characters that meet users' emotional objectives quickly,
which greatly improves the efficiency of character design and enriches the design methods.

KEY WORDS: virtual character; image generation; user emotion; deep learning; image generation from text
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